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Background
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We assess G x E using both traditional PGS and functionally annotated PGS

Utilize data from population-based studies and a large multicenter RCT to Traditional PGS: all available SNPs (p-value=1, no clumping/pruning) N 7,776 7,776 7,776
identify sources of genetic and environmental heterogeneity that contribute to
the efficacy of smoking interventions.
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* Youth access and smoke free laws will be used both as control variables in cigarette tax G x

wealth, and first 10 PCs of the genetic data

S and Bpare fixed effects that control for time-invariant state & cohort characteristics
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